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Progress in predicting protein subchloroplast and submitochondria locations
WANG Xingzhi, LI Fengmin, WANG Xiaoqian
(College of Science ,Inner Mongolia Agriculture University ,Hohhot 010018, China )

Abstract ; Protein is transported to specific organelles after synthesizing and only transferred to the right position can
it participate in all kinds of life activities of cells and function effectively. So the function of protein is closely related
with its subcellular location. The information of protein function and structure can be obtained by predicting the
subcellular location. Much progress have achieved in predicting protein subcellular location in recent decades.
Based on these, the research of sub-subcellular locations, such as subchloroplast and submitochondria, has become
a deeply level problem. In this paper, the progress in predicting protein subchloroplast and submitochondria
locations has been introduced domestic and foreign.
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Table 1 The predicted results of M317 database

EVEITES YE# (4F) ik BN ES
M317 Du and Li (2006) SubMito 85.2%
M317  Nanni and Lumini (2008) GP-Loc 89.0%
M317 Shi et al (2011) Subldent 93.4%
M317 Zakeri et al (2011) SVM 94.7%
M317 Suyu Mei(2012) MK-TLM 99.7%
M317 Fan and Li (2012) SVM 94.9%
M317 Lin Hao (2013) TetraMito 94.0%
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Table 2 The predicted results of M399 database

FIGIEE S Te# (A7) Tk T R
M399 Zeng et al. (2009) SVM 89.7%
M399 Lin Hao (2013) TetraMito 94.7%
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Table 3 The predicted results ofM1105 database

FETES YE# (4F) Jiik U e A 5
M1105 Fan and Li (2012) SVM 89.7%
M1105 Lin Hao (2013) TetraMito 94.7%
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Table 4 The predicted results of Raw-736 database

\ W £z N
Jriki —— a— — B %
I RN HBERME e
subchlo 78.90% 55.00% 96.10% 84.40% 89.70%
subldent 84.04% 77.22% 98.90% 91.11% 94.75%
SubChlo-GO 93.0% 95.0% 95.3% 91.0% 94.60%
SCLAP 85.92% 82.22% 100% 100% 97.96%
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Table 5 The predicted results of S60-261 database

‘ TP i -
ik — ‘ — B %
SR KRR HBTR I Bt
subchlo 67.4% 43.2% 83.7% 40.0% 67.2%
chloroRF 57.1% 38.6% 87.5% 47.5% 67.4%
subldent 85.7% 64.4% 98.2% 80.0% 89.3%
SubChlo-GO 89.8% 88.6% 93.0% 71.8% 88.50%
SCLAP 91.3% 85.0% 72.5% 95.2% 89.3%
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Table 6 The predicted results of S40,S60 and S80 database
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Hida4: S80 82.00% 68.97% 92.18% 87.63% 89.08%
Hidfid: S60 66.09% 60.005 87.47% 81.99% 81.29%
¥4 S40 58.95% 55.56% 87.47% 72.40% 71.11%
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